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Apr May Jun Jul Aug Sep Oct Nov Dec Jan Feb Mar total
NNLS 41 37 33 39 57 48 34 33 55 79 46 50 J4.6
LSE 41 36 33 39 57 49 34 33 55 79 46 5.0
SVM 6.1 41 35 61 109 83 55 51 75 75 5.7 6.6 6.4
RF 68 44 34 68 88 71 54 49 78 81 56 6.3 6.5
Lasso 9.0 60 44 90 121 97 89 54 81 103 6.9 9.2 8.2
LGBM 66 52 39 65 88 77 55 48 77 85 58 65 6.7
" GEFCom2014-EQT—4
Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec total
NNLS 34 29 30 26 3.0 41 49 40 49 21 38 39 [35
LSE 34 29 30 26 30 41 49 40 49 21 37 39
SVM 45 41 41 36 35 46 64 53 57 26 52 51 46
RF 45 41 42 37 35 50 62 53 63 25 49 50 46
Lasso 6.1 43 47 51 41 64 87 65 90 28 54 59 58
LGBM 44 42 43 37 36 50 60 54 6.0 27 51 50 46
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® »MDEw/IMETIL, Generalized lasso®Path algorithm (Tibshirani and
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VCM-S VCM-FL | Lasso ARIMA SVM RF XGB LGBM Hybrid

11.0 11.8 9.1 94 9.6 9.8 8.2
46.5 52.3 42.1  41.3 42,7  41.7 37.1

MAPE (%)
RMSE (kW)

ANVENREANTG D OI25E

Lasso ARIMA SVM RF XGB LGBM

10.7 12.0 9.7 10.2 11.1  10.8
50.3 54.1 48.8  48.2 52.8 504

MAPE (%)
RMSE (kW)

" X

Hirose, K., Wada, K., Hori, M., & Taniguchi, R. 1. (2020). Event Effects Estimation on
Electricity Demand Forecasting. Energies, 13(21), 5839.
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® AWS + RStudio + Shiny
® https://platform.coi.kyushu-u.ac.jp/elcf/

& platform.coi kyushu-u.ac,jp
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@ Electricity Load Forecasting e +

C @ beta.elcf.keihirose.net
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